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Abstract: Firstly, the advantages of WiFi positioning in indoor positioning technology are briefly

described. Then, by combing the research on indoor positioning related technologies of WiFi sig-

nals, the relevant characteristics of WiFi signals are briefly introduced, and the experiment is used

as a proof. The signal propagation model, the method for construction fingerprint database, signal

matching criteria for fingerprint database positioning, calibration of related mobile phone sensitiv-

ity for WiFi signal and other related technological advances are presented in detail. Finally, the fu-

ture development trend of WiFi indoor positioning technology is briefly introduced.
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Fig. 1 Fingerprint-based indoor positioning steps
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