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Anti-jamming Decision Technology Based on SVM
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Abstract: In order to deal with the increasingly complex electromagnetic environment, the concept of cognitive
radar 1s introduced into electronic warfare. The cognitive electronic warfare system consists of cognitive
reconnaissance, cognitive countermeasure, and cognitive effectiveness evaluation. In terms of the requirements of the
anti-jamming decision-making technology for cognitive electronic warfare system, the support vector machine (SVM)
algorithm is applied to the anti-jamming decision-making, so that the adaptive decision-making of anti-jamming
measures can be achieved. The simulation results show that the anti-jamming decision-making technology based on
SVM can make decision adaptively on anti-jamming measures. The algorithm completes the last step of the cognitive
electronic warfare, and realizes the closed loop of the cognitive electronic warfare system.
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Tab.1 Jamming patterns detected by radar at the
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Tab.2 Anti-jamming decision table
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Fig. 5 Simulation results of the anti-jamming decision system
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