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Research on Identification and Location of Foreign Object Debris on Airport Runway
Based on Faster-RCNN
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Abstract: Aiming at airport Foreign Object Debris(FOD) identification, the characteristics of the airport runway en-
vironment is analyzed, and an image recognition database of the airport FOD is set up. An airport FOD identification
and locating system is proposed based on Faster-RCNN, runway image acquisitions carried out based on the unmanned
aerial vehicle (UAV) system, using Faster-RCNN algorithm framework for FOD identification, and combining the UAV
position location to get the FOD category information and location information. It has been verified that the system can
efficiently complete the airport FOD identification and locating task.
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